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Purpose of talk 

• Review what we know about the effects of 
advertising, i.e. a (qualitative) meta-analysis of 
meta-analyses 
 

• Add some new results focusing on returns to 
advertising 
 

• Focus is on short-term elasticities/response  
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Lambin, 1976 
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Mean= .089 



Leone and Schultz, JM 1980 

• Analyzed 25 studies seeking empirical 
generalizations 

• Reported advertising elasticities ranged from .003-
.23 

• 60% of the studies were CPG brands, 2 were 
durables, 2 services 
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Table from Leone and Schultz 
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Aaker and Carman, JAR 1982 

• Review 69 field advertising weight experiments: 
– 48 AdTel experiments 
– 11 “checkerboard” experiments 
– 4 major multi-year low-weight experiments (e.g., 

Budweiser study in 1962) 
– 6 various others 

• Findings:  10/11 reduced weight studies showed no 
significant decline in sales 
– 33/58 increased weight studies showed no increase in 

sales 6 



Assmus, Farley, Lehmann,  JMR 
1984 

• Meta-analyzed 22 studies and 128 models 
published before 1981 

• Average short-term elasticity = .221 (std. dev. = 
.264) 

• Potential biases: publication, products analyzed, 
model variation, data intervals, etc. 
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Eastlack and Rao, Mkt Sci, 1989 

• Advertising experiments at Campbell Soup  
• Describes 19 controlled experiments in the 1970s 

for 6 different brands: soups, V-8, pasta, frozen 
dinners 

• 5 of the experiments focused on ad weight changes 
of +50%, 1 changed -50% 

• None of the 6 showed a significant impact on sales 
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Sethuraman and Tellis, JMR 1991 

• Reviewed 16 studies that published both advertising 
and price elasticities 

• Mean price elasticity = -1.61, mean advertising 
elasticity = .11; ratio of medians = 19.5 

• For nondurables, ratio of medians = 25, for durables 
= 5 

• Ratio early in PLC = 17.7, in maturity = 22.2 
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Lodish et.al. JMR 1995 

• Analyzed 389 BehaviorScan split-cable tests 
completed between 6/82 and 12/88 

• Both copy (25%) and weight tests (75%) 
• Of the weight tests, 71% were for established 

brands, 29% for new brands 
• Finding: TV advertising weight tests were more 

effective for new products vs. established (67% 
were not significant at the p<.20 level) 

• Average elasticity for all tests = .13, new products = 
.26, established = .05 (n.s.) 
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Jones, JAR 1995 

• Focuses on single-source advertising data 
• 2,000 homes with meters, 142 brands 
•  Rather vague, general results: 

– Advertising can generate immediate sales 
– 20% of campaigns work with a “first order” of 

effectiveness, 30% with a second order, 30% are not 
strong either way, 20% have a negative effect => half 
work and half don’t 
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Updates on single source  

• Ackerberg RAND Journal, 2001: Found an 
advertising elasticity of .15 for yogurt 

• Naik, Raman, Winer Mkt Sci 2005: Found adv-
promotion main effects and interactions 

• Koslow and Tellis JAR 2011: Discussed the 
pros/cons of single-source data for evaluating 
advertising effects 
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Hu, Lodish, Krieger JAR 2007 

• Examined 241 BehaviorScan and matched-market 
studies to update 1995 paper 

• Insufficient new products to separate from 
established 

• Main finding from 127 weight tests: overall elasticity 
is significant at p<.05 level, = .113 

• Studies from before 1995, elasticity = .065 
• Studies after 1995, elasticity = .163 
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Rubinson JAR 2009 
• Examined 388 case histories from a variety of 

companies including IRI, ARS, Marketing Evolution, 
Millward Brown/Dynamic Logic 

• Companies provided results from experiments, 
marketing mix modeling, proprietary methods 

• No specific results provided on elasticities 
• General conclusion is that TV advertising has not 

declined in effectiveness nor has it become less 
effective than other media (e.g., online, print) 
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Fischer, Albers JMR 2010 
• Focused on the prescription pharmaceutical industry 
• 86 categories using DTC advertising from 2000-

2005 
• 2831 brands with shares >1% using DTC 

advertising 
• Short-term elasticities: 

– Detailing: .061 
– Prof. journal adv: .010 
– DTC: .014 
– Price: -.215 (ratio to DTC = 15.4) 
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Sethuraman, Tellis, Briesch, 
JMR, 2011 

• Updates Assmus, Farley, Lehmann (1984) study 
• Meta-analysis of 751 short-term elasticities from 56 

studies published between 1960-2008 
• Mean short-term elasticity is .12 => declined over 

time 
• Elasticities are the same in both recessions and 

periods of economic expansion 
• Elasticities are higher for products in early stage of 

PLC than in the mature stage 
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Lewis, Reiley WP 2010 

• Developed a controlled experiment linking a 
retailer’s advertising on Yahoo! to the retailer’s 
customer database 

• 81% of 1,577,256 individuals on both databases 
were assigned to the treatment condition who 
viewed 2 ad campaigns; 19% were in control group 

• Estimated effect is $.10/treated individual,  5% 
increase in their purchasing; generated 325% more 
than the campaign cost 

• Affected offline sales more than online 18 



Some category elasticities 

19 



Conclusions from prior work 

• Brand advertising elasticities appears to range between 
.10 and .15 

• Ratios of advertising/price elasticities imply by Dorfman-
Steiner ad/sales ratios of 5% 

• Field experiments have found little evidence that 
changes in ad weight affect sales, perhaps more for 
new products than mature products; copy matters more 

• Meta-analyses of response models use only published 
or publicly available results plus other biases 
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Are long-term effects large? 

• Clarke (1976): 90% of the cumulative effect of 
advertising for FMCG products occurs within 3-9 
months 

• Assmus et.al.: LT elasticity = .41 (assuming Koyck 
models) 

• Fischer et.al.: DTC LT elasticity = .134 
• Sethuraman et.al.: LT elasticity = .24 
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This study 

• Meta analyzed 397 studies of CPG and 
Health/Beauty products between 2001 and 2010 in 
6 markets (UK, Germany, Sweden, Norway, 
Denmark, Australia) 

• Data are from a market-response consulting firm, 
BrandScience 

• Unlike prior work, we can analyze the profit returns 
to advertising across a large number of brands 
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Definition of “profits” 
1. BS analysts first develop and estimate a full market 

response model for a brand 
2. They then estimate a nested version of the model 

without the communications variables (for total 
returns) 

3. Profits from communications are then the brand’s 
margin x the sales predictions for each time period 
of model 1 – model 2 

4. Total returns are the sum of #3 over all time periods 
of analysis 23 



Other variables 

• Spend Variables: The total 
spend by the designated type 
of media  
– Spend_TV_NONDR 
– Spend_Online 
– Spend_Magazine 
– Spend_Outdoor 
– Spend_Radio 

• Structural Variables  
– Purchase Interval: The total 

time between purchases of a 
product (in days)  

 
 

 

– Cost: Total cost of an item  
– Essential: An item is 

characterized as an “essential 
item” 

– Luxury: Item is characterized 
as a “luxury item” 

– Toiletry: Item is classified as a 
toiletry item  

– Make-Up: Item is classified as 
make-up 
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Descriptive statistics  
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All media categories 
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TV elasticity by spend level  
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Tv Spend Level 1 – 
€0-1 Million 
 
Tv Spend Level 2 – 1-
€3 Million 
 
Tv Spend Level 3 – 
€3-6 Million 
 
Tv Spend Level 4 – 
>€6 Million 
 
 
 



Elasticity with structural 
variables  
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Tv and News Interaction  
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Tv and Magazine Interaction 
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Over 900 recent analyses, with findings on media effectiveness 
− overall ROI 
− short term effect vs long term effect 
− diminishing returns 

 
Over 200 case studies addressing particular issues  

− Brand vs Product 
−  Impact of PR, Sponsorship,  Buzz/WOM 
− Impact of the economy changing 
− Cross-sectional analysis of media synergies 

 
 

 

Some BrandScience results 



Across the sample,  returns are highest 
when TV or Print are used over 30%.  But 
not both.... 

Comms Returns tv < 30% tv > 30% 

print < 30% 1.73 5.13 

print >30% 5.60 3.39 



Adding online to the mix.   Best policy is 
TV > 30%  Online> 10% and Print < 30%   

Comms Returns tv < 30% tv > 30% 
print < 30% 1.73 5.13 
print >30% 5.60 3.39 

tv < 30% tv > 30% 
online>10% print < 30% 2.15 6.78 
online>10% print >30% 4.82 4.30 

tv < 30% tv > 30% 

online<10% print < 30% 1.58 3.60 

online<10% print >30% 6.00 2.96 



Conclusions 
• Even after accounting for online and other media 

spending, short-term advertising elasticities are well 
under 1 => companies continue to over spend 

• Most of the good work now in response modeling is 
proprietary => future meta-analyses of published 
studies are unlikely to shed much light 

• We need standards for advertising response 
modeling => MASB (Marketing Accountability 
Standards Board) 
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